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31: This material first visualizes the internal results of the proposed network in Figure 1 and Figure 2. It then provides visual com- ggg
016 parisons between the proposed method and four state-of-the-art low-light image enhancement methods (SID [1], LIME [3], 070
DSLR [4] and DeepUPE [7], which are the top four existing methods according to Table 1 in the paper) in Figure 3, Figure 4
017 . . . . . . . . . 071
18 and Figure 5. Finally, we prov1d§ 'VISllal compz?rlsqn between our method and different combinations of deep learning based 07
019 enhancement methods and denoising methods in Figure 6. 073
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052 Figure 1: Visualization of internal results from the proposed network: (a) input image, (b) histogram equalization, (c) 106
053 predicted content, (d) predicted amplification map, (e) predicted amplified image, (f) predicted detail map, (g) final output, 107
and (h) ground truth.
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156 Figure 2: Visualization of internal results from the proposed network: (a) input image, (b) histogram equalization, (c) 210
157 predicted content, (d) predicted amplification map, (e) predicted amplified image, (f) predicted detail map, (g) final output, 21
158 and (h) ground truth. 212
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268 Figure 3: Visual results of state-of-the-art methods and ours on input low-light images from our test set. 399
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Figure 4: Visual results of state-of-the-art methods and ours on input low-light images from our test set.
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Figure 5: Visual results of state-of-the-art methods and ours on input low-light images from our test set.



CVPR CVPR

#6120 #6120
CVPR 2020 Submission #6120. CONFIDENTIAL REVIEW COPY. DO NOT DISTRIBUTE.

540 594
541 595
542 596
543 597
544 598
545 599
546 600
547 ] s >N 601
248 (a) Input (b) Hist.eq. (c) SID[1] (d) Ours 602
549 603
550 604
551 605
552 606
553 607
554 608
555 609
556 610
2:; (e) DSLR[4] (f) DSLR[4]+BM3D|[2] (g) DSLR[4]+xDnCNN[6] (h) DSLR[4]+TWSCI5] 21;
559 613
560 614
561 615
562 616
563 617
564 618
565 619
566

567 (i) DeepUPE[7] (j) DeepUPE[7]+BM3D|2] (k) DeepUPE|[7]+xDnCNN][6] (1) DeepUPE[7]+TWSCI5] Zg?
568 622
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